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00 FIG. 9

START

v

Responsive to activating an image-capture application, receiving, by the |~ 902
computing device, from an image capture device operatively coupled to
the computing device, a stream of image data

A 4

Sampling, automatically by the computing device, while receiving the —904
stream of image data, a plurality of images from the stream of image
data, and storing the plurality of images in a first buffer

h 4

Selecting, by the computing device, a subset of images from the buffer, 906
responsive to determining an indication of one or more predetermined
features among the subset of images

A4

Generating, by the computing device, based on the subset of images, an | s08
image object representing a summary of the stream of image data

3
QOutputting, by the computing device, for display at the display device, 910

an indication of the image object.

v

END
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1000 FIG. 10
START
Receiving, by a computing device, from an image capture device |— 1002

operatively coupled to the computing device, a stream of image data

A

Outputting, by the computing device, for display at a display device, {— 1004
based on the stream of image data, a live preview

A 4

Sampling, automatically by the computing device, during the outputting — 1006
of the live preview, a plurality of images from the stream of image data,
and storing the plurality of images in a buffer

Y

Selecting, by the computing device, a subset of images from the buffer, — 1008
respansive to determining an indication of one or more predetermined
features among the subset of images

h 4

Generating, by the computing device, based on the subset of images, an |~ 1010
image object representing a summary of the stream of image data

h 4

Outputting, by the computing device, for display at the display device, |~ 1012
an indication of the image object.
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END
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1
SYSTEMS AND METHODS FOR
AUTONOMOUSLY GENERATING PHOTO
SUMMARIES

BACKGROUND

While waiting for ideal conditions in which to capture a
photograph, several additional moments worth capturing in
a photograph may pass in front of a photographer. The
photographer, however, may be so focused on capturing a
desired scene that she misses capturing these interstitial
moments. Camera features such as continuous shooting
(referred to as “burst mode” herein) may aid photographers
in capturing a desired scene by rapidly snapping a series of
photos. However, burst mode can quickly fill up the limited
on-device storage of a camera, and manually reviewing the
resulting sequence of captured photos to select an ideal
candidate can be time consuming and unwieldy. Another
technique for capturing an ideal scene for a photograph is to
shoot a video and extract a frame from the video for use as
a still image, but capturing and manipulating video data may
present even more severe issues with storage space and
image curation.

SUMMARY

Some or all of the above deficiencies may be addressed by
certain implementations of the disclosed technology. Certain
implementations include techniques for autonomously col-
lecting image data, and generating a content summary based
thereon.

According to an example implementation, a method is
provided. The method may include, receiving, by a com-
puting device, from an image capture device operatively
coupled to the computing device, a live stream of image
data. The live stream of image data may be received respon-
sive to activating an image-capture application, or while a
live-preview of the stream of image data is active. The
method may further include storing a set of images from the
stream of image data and storing the set of images in a first
buffer. The set of images may be sampled autonomously by
the computing device from the live stream of image data
based on a variable sampling rate. That is, no user prompting
may be required to direct the sampling from the stream of
image data. The method may yet further include selecting,
by the computing device, a subset of images from the first
buffer. The subset of images may be selected based on
determining an indication of one or more predetermined
features among the subset of images. The method may still
yet further include generating, by the computing device,
based on the subset of images, an image object representing
a summary of the stream of image data. The method may
also include outputting, by the computing device, for display
at the display device, an indication of the image object.

According to another example implementation, a com-
puter program product is provided. The computer program
product may include a non-transitory computer readable
medium. The computer readable medium may store instruc-
tions that, when executed by at least one processor in a
system, cause the processor to perform a method substan-
tially similar to the methods described hereinabove.

According to yet another example implementation, a
system is provided. The system may include an image
capture device in communication with a computing device,
and a memory operatively coupled to the computing device
and configured for storing data and instructions that may be
executed by the processor. When executed, the system may
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be caused to perform a method substantially similar to the
methods described hereinabove.

Other implementations, features, and aspects of the dis-
closed technology are described in detail herein and are
considered a part of the claimed disclosed technology. Other
implementations, features, and aspects can be understood
with reference to the following detailed description, accom-
panying drawings, and claims.

BRIEF DESCRIPTION OF THE FIGURES

Reference will now be made to the accompanying figures
and flow diagrams, which are not necessarily drawn to scale,
and wherein:

FIG. 1 depicts a schematic diagram of illustrative com-
puting device architecture 100, according to an example
implementation.

FIG. 2 depicts a schematic diagram of a smartphone
computing device 200, according to an example implemen-
tation.

FIG. 3 depicts illustrations of photo session summaries
300A-B, according to an example implementation.

FIG. 4 depicts an illustration of a motion-interestingness
curve 400A and corresponding image-capture sample rate
400B, according to an example implementation.

FIG. 5 depicts a block diagram 500 of how Smart Burst
components may be integrated with or within a camera
application 255, according to an example implementation.

FIG. 6 depicts a block diagram 600 of determining a
motion interestingness metric, according to an example
implementation.

FIG. 7 depicts illustrations of manually curated photo
session summaries 700A-B, according to an example imple-
mentation.

FIG. 8 depicts a flow diagram 800 of the combining of
quality optimization metrics, according to an example
implementation.

FIG. 9 depicts a flow diagram of a method 900 for
autonomously collecting image data and generating photo
summaries based thereon, according to an example imple-
mentation.

FIG. 10 depicts a flow diagram of another method 1000
for autonomously collecting image data and generating
photo summaries based thereon, according to an example
implementation.

FIGS. 11-13 depict autonomously generated photo ses-
sion summaries 1100 1200 1300, according to an example
implementation.

DETAILED DESCRIPTION

Implementations of the disclosed technology include
techniques for autonomously collecting image data and
generating photo summaries based thereon. In some imple-
mentations, a plurality of images may be autonomously
sampled from an available stream of image data. For
example, a camera application of a smartphone or other
mobile computing device may present a live preview based
on a stream of data from an image capture device. The
stream of image capture data may be sampled and the most
interesting photos preserved for further filtering and presen-
tation. In another implementation, a camera application may,
with or without direction from a human user, autonomously
capture images while the camera application is active at a
computing device. A subset of the captured images may be
preserved and curated to select the most interesting photos
as determined based on one or more image analysis meth-
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ods. Accordingly, image capture data may be autonomously
collected, filtered, and formatted to enable a photographer to
see what moments they were unable to manually capture
during a photo capture session.

In some implementations, a rate of image data stream
sampling or undirected image capture may be based on a
running measure of detected photo interestingness. For
example, an image data stream sampling rate may be
adjusted responsive to detecting increased motion in
recently sampled images. Thus, image data stream sampling
may be dynamically calibrated to be more aggressive when
photos that depict action are more likely to be collected.

Some implementations of the disclosed technology will
be described more fully hereinafter with reference to the
accompanying drawings. The disclosed technology may,
however, be embodied in many different forms and should
not be construed as limited to the implementations set forth
herein.

In the following description, numerous specific details are
set forth. However, it is to be understood that implementa-
tions of the disclosed technology may be practiced without
these specific details. In other instances, well-known meth-
ods, structures, and techniques have not been shown in detail
in order not to obscure an understanding of this description.
References to “one implementation,” “an implementation,”
“example implementation,” “some implementations,” “cer-
tain implementations,” “various implementations,” etc.,
indicate that the implementation(s) of the disclosed technol-
ogy so described may include a particular feature, structure,
or characteristic, but not every implementation necessarily
includes the particular feature, structure, or characteristic.
Further, repeated use of the phrase “in one implementation”
does not necessarily refer to the same implementation,
although it may.

Throughout the specification and the claims, the follow-
ing terms take at least the meanings explicitly associated
herein, unless the context clearly dictates otherwise. The
term “or” is intended to mean an inclusive “or.” Further, the
terms “a,” “an,” and “the” are intended to mean one or more
unless specified otherwise or clear from the context to be
directed to a singular form.

Unless otherwise specified, the use of the ordinal adjec-
tives “first,” “second,” “third,” etc., to describe a common
object, merely indicate that different instances of like objects
are being referred to, and are not intended to imply that the
objects so described must be in a given sequence, either
temporally, spatially, in ranking, or in any other manner.

In some instances, a computing device may be referred to
as a mobile device, mobile computing device, a mobile
station (MS), terminal, cellular phone, cellular handset,
personal digital assistant (PDA), smartphone, wireless
phone, organizer, handheld computer, desktop computer,
laptop computer, tablet computer, set-top box, television,
appliance, game device, medical device, display device, or
some other like terminology. In other instances, a computing
device may be a processor, controller, or a central processing
unit (CPU). In yet other instances, a computing device may
be a set of hardware components.

A presence-sensitive input device as discussed herein,
may be a device that accepts input by the proximity of a
finger, a stylus, or an object near the device. A presence-
sensitive input device may also be a radio receiver (for
example, a WiFi receiver) and processor which is able to
infer proximity changes via measurements of signal
strength, signal frequency shifts, signal to noise ratio, data
error rates, and other changes in signal characteristics. A

10

15

20

25

30

35

40

45

50

55

60

65

4

presence-sensitive input device may also detect changes in
an electric, magnetic, or gravity field.

A presence-sensitive input device may be combined with
a display to provide a presence-sensitive display. For
example, a user may provide an input to a computing device
by touching the surface of a presence-sensitive display using
a finger. In another example implementation, a user may
provide input to a computing device by gesturing without
physically touching any object. For example, a gesture may
be received via a video camera or depth camera.

In some instances, a presence-sensitive display may have
two main attributes. First, it may enable a user to interact
directly with what is displayed, rather than indirectly via a
pointer controlled by a mouse or touchpad. Secondly, it may
allow a user to interact without requiring any intermediate
device that would need to be held in the hand. Such displays
may be attached to computers, or to networks as terminals.
Such displays may also play a prominent role in the design
of digital appliances such as a personal digital assistant
(PDA), satellite navigation devices, mobile phones, and
video games. Further, such displays may include a capture
device and a display.

Various aspects described herein may be implemented
using standard programming or engineering techniques to
produce software, firmware, hardware, or any combination
thereof to control a computing device to implement the
disclosed subject matter. A computer-readable medium may
include, for example: a magnetic storage device such as a
hard disk, a floppy disk or a magnetic strip; an optical
storage device such as a compact disk (CD) or digital
versatile disk (DVD); a smart card; and a flash memory
device such as a card, stick or key drive, or embedded
component. Additionally, it should be appreciated that a
carrier wave may be employed to carry computer-readable
electronic data including those used in transmitting and
receiving electronic data such as electronic mail (e-mail) or
in accessing a computer network such as the Internet or a
local area network (LAN). Of course, a person of ordinary
skill in the art will recognize many modifications may be
made to this configuration without departing from the scope
or spirit of the claimed subject matter.

Various systems, methods, and computer-readable medi-
ums may be utilized for autonomously collecting image data
and generating photo summaries based thereon, and will
now be described with reference to the accompanying
figures.

FIG. 1 depicts a block diagram of illustrative computing
device architecture 100, according to an example implemen-
tation. Certain aspects of FIG. 1 may be embodied in a
computing device (for example, a mobile computing device
200 as shown in FIG. 2). As desired, embodiments of the
disclosed technology may include a computing device with
more or less of the components illustrated in FIG. 1. It will
be understood that the computing device architecture 100 is
provided for example purposes only and does not limit the
scope of the various embodiments of the present disclosed
systems, methods, and computer-readable mediums.

The computing device architecture 100 of FIG. 1 includes
a CPU 102, where computer instructions are processed; a
display interface 106 that acts as a communication interface
and provides functions for rendering video, graphics,
images, and texts on the display. According to certain some
embodiments of the disclosed technology, the display inter-
face 106 may be directly connected to a local display, such
as a touch-screen display associated with a mobile comput-
ing device. In another example embodiment, the display
interface 106 may be configured for providing data, images,
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and other information for an external/remote display that is
not necessarily physically connected to the mobile comput-
ing device. For example, a desktop monitor may be utilized
for mirroring graphics and other information that is pre-
sented on a mobile computing device. According to certain
some embodiments, the display interface 106 may wire-
lessly communicate, for example, via a Wi-Fi channel or
other available network connection interface 112 to the
external/remote display.

In an example embodiment, the network connection inter-
face 112 may be configured as a communication interface
and may provide functions for rendering video, graphics,
images, text, other information, or any combination thereof
on the display. In one example, a communication interface
may include a serial port, a parallel port, a general purpose
input and output (GPIO) port, a game port, a universal serial
bus (USB), a micro-USB port, a high definition multimedia
(HDMI) port, a video port, an audio port, a Bluetooth port,
a near-field communication (NFC) port, another like com-
munication interface, or any combination thereof.

The computing device architecture 100 may include a
keyboard interface 104 that provides a communication inter-
face to a keyboard. In one example embodiment, the com-
puting device architecture 100 may include a presence-
sensitive display interface 107 for connecting to a presence-
sensitive display. According to certain some embodiments of
the disclosed technology, the presence-sensitive display
interface 107 may provide a communication interface to
various devices such as a pointing device, a touch screen, a
depth camera, etc. which may or may not be associated with
a display.

The computing device architecture 100 may be configured
to use an input device via one or more of input/output
interfaces (for example, the keyboard interface 104, the
display interface 106, the presence sensitive display inter-
face 107, network connection interface 112, camera inter-
face 114, sound interface 116, etc.) to allow a user to capture
information into the computing device architecture 100. The
input device may include a mouse, a trackball, a directional
pad, a track pad, a touch-verified track pad, a presence-
sensitive track pad, a presence-sensitive display, a scroll
wheel, a digital camera, a digital video camera, a web
camera, a microphone, a sensor, a smartcard, and the like.
Additionally, the input device may be integrated with the
computing device architecture 100 or may be a separate
device. For example, the input device may be an acceler-
ometer, a magnetometer, a digital camera, a microphone,
and an optical sensor.

Example embodiments of the computing device architec-
ture 100 may include an antenna interface 110 that provides
a communication interface to an antenna; a network con-
nection interface 112 that provides a communication inter-
face to a network. According to certain embodiments, a
camera interface 114 is provided that acts as a communica-
tion interface and provides functions for capturing digital
images from a camera. According to certain embodiments, a
sound interface 116 is provided as a communication inter-
face for converting sound into electrical signals using a
microphone and for converting electrical signals into sound
using a speaker. According to example embodiments, a
random access memory (RAM) 118 is provided, where
computer instructions and data may be stored in a volatile
memory device for processing by the CPU 102.

According to an example embodiment, the computing
device architecture 100 includes a read-only memory
(ROM) 120 where invariant low-level system code or data
for basic system functions such as basic input and output
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(I/0), startup, or reception of keystrokes from a keyboard
are stored in a non-volatile memory device. According to an
example embodiment, the computing device architecture
100 includes a storage medium 122 or other suitable type of
memory (e.g., RAM, ROM, programmable read-only
memory (PROM), erasable programmable read-only
memory (EPROM), electrically erasable programmable
read-only memory (EEPROM), magnetic disks, optical
disks, floppy disks, hard disks, removable cartridges, flash
drives), where the files include an operating system 124,
application programs 126 (including, for example, a web
browser application, a widget or gadget engine, and or other
applications, as necessary) and data files 128 are stored.
According to an example embodiment, the computing
device architecture 100 includes a power source 130 that
provides an appropriate alternating current (AC) or direct
current (DC) to power components. According to an
example embodiment, the computing device architecture
100 includes a telephony subsystem 132 that allows the
device 100 to transmit and receive sound over a telephone
network. The constituent devices and the CPU 102 commu-
nicate with each other over a bus 134.

According to an example embodiment, the CPU 102 has
appropriate structure to be a computer processor. In one
arrangement, the CPU 102 may include more than one
processing unit. The RAM 118 interfaces with the computer
bus 134 to provide quick RAM storage to the CPU 102
during the execution of software programs such as the
operating system application programs, and device drivers.
More specifically, the CPU 102 loads computer-executable
process steps from the storage medium 122 or other media
into a field of the RAM 118 in order to execute software
programs. Data may be stored in the RAM 118, where the
data may be accessed by the computer CPU 102 during
execution. In one example configuration, the device archi-
tecture 100 includes at least 125 MB of RAM, and 256 MB
of flash memory.

The storage medium 122 itself may include a number of
physical drive units, such as a redundant array of indepen-
dent disks (RAID), a floppy disk drive, a flash memory, a
USB flash drive, an external hard disk drive, thumb drive,
pen drive, key drive, a High-Density Digital Versatile Disc
(HD-DVD) optical disc drive, an internal hard disk drive, a
Blu-Ray optical disc drive, or a Holographic Digital Data
Storage (HDDS) optical disc drive, an external mini-dual
in-line memory module (DIMM) synchronous dynamic ran-
dom access memory (SDRAM), or an external micro-
DIMM SDRAM. Such computer readable storage media
allow a computing device to access computer-executable
process steps, application programs and the like, stored on
removable and non-removable memory media, to off-load
data from the device or to upload data onto the device. A
computer program product, such as one utilizing a commu-
nication system may be tangibly embodied in storage
medium 122, which may comprise a machine-readable stor-
age medium.

According to one example embodiment, the term com-
puting device, as used herein, may be a CPU, or conceptu-
alized as a CPU (for example, the CPU 102 of FIG. 1). In
this example embodiment, the computing device may be
coupled, connected, and/or in communication with one or
more peripheral devices, such as display. In another example
embodiment, the term computing device, as used herein,
may refer to a mobile computing device 200, such as a
smartphone or tablet computer. In this example embodiment,
the computing device may output content to its local display
and/or speaker(s). In another example embodiment, the
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computing device may output content to an external display
device (e.g., over Wi-Fi) such as a TV or an external
computing system.

In some embodiments of the disclosed technology, the
computing device may include any number of hardware
and/or software applications that are executed to facilitate
any of the operations. In some embodiments, one or more
1/O interfaces may facilitate communication between the
computing device and one or more input/output devices. For
example, a universal serial bus port, a serial port, a disk
drive, a CD-ROM drive, and/or one or more user interface
devices, such as a display, keyboard, keypad, mouse, control
panel, touch screen display, microphone, etc., may facilitate
user interaction with the computing device. The one or more
1/O interfaces may be utilized to receive or collect data
and/or user instructions from a wide variety of input devices.
Received data may be processed by one or more computer
processors as desired in various embodiments of the dis-
closed technology and/or stored in one or more memory
devices.

One or more network interfaces may facilitate connection
of the computing device inputs and outputs to one or more
suitable networks and/or connections; for example, the con-
nections that facilitate communication with any number of
sensors associated with the system. The one or more net-
work interfaces may further facilitate connection to one or
more suitable networks; for example, a local area network,
a wide area network, the Internet, a cellular network, a radio
frequency network, a Bluetooth enabled network, a Wi-Fi
enabled network, a satellite-based network any wired net-
work, any wireless network, etc., for communication with
external devices and/or systems.

FIG. 2 depicts a schematic diagram of a smartphone
computing device 200, according to an example implemen-
tation. As shown in FIG. 2, the computing device may be a
mobile computing device, for example, a smartphone or a
tablet. The mobile computing device may have a built-in or
integrated display 250 for presenting a graphical user inter-
face (GUI) of a camera application 255. As referred to herein
a camera application may be embodied in one or more of
software, hardware, or firmware. The GUI of the camera
application may include one or more controls including a
camera shutter button 175.

The display 250 may be combined with a presence
sensitive input device to form a touch-sensitive or presence-
sensitive display for receiving user input from a stylus,
finger, or other means of gesture input. Accordingly, the
camera application may receive user input through the
presence-sensitive display, such as an activation of the
camera shutter button. The mobile computing device may
also have one or more physical buttons 170 for triggering
capture of an image. In some implementations, the mobile
computing device may also include or be associated with a
sound producing device 280, such as a speaker, piezoelectric
buzzer, or the like.

The mobile computing device 200 may be in communi-
cation with an image capture device 270 for capturing single
images or video. As shown in FIG. 2, the computing device
may include a built-in or internal image capture device, for
example, a camera or CCD. The image capture device may
include or be associated with an illumination device 275, for
example, a flash device or IR beacon. In another example
implementation, the image capture device may be external
to the computing device and in communication with the
computing device, for example, through a direct connection,
or wireless coupling.
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In certain implementations, the mobile computing device
200 may include one or more antennas or radios for wireless
communication. These may include antennas for receiving
GPS, Wi-Fi, or other radio communications. In addition, the
mobile computing device may include one or more sensors
for detecting, for example and without limitation, tempera-
ture, pressure, altitude, magnetic heading, etc. A camera
application may refer to one or more of software, firmware,
or hardware configured to operate an image capture device.

Certain implementations of the disclosed technology
include techniques for autonomously collecting image data
and generating photo summaries based thereon. Some
implementations may automatically present a photographer
with photos or a burst of photos that depict some interesting
action they may have missed manually capturing. Such
systems methods and computer-program products may be
referred to herein as “Smart Burst.”

A concept underlying certain implementations of Smart
Burst is that, due at least to processing power and space
constraints, a camera application intended to automatically
capture missed photos during a photo session may not be
able to capture frames continuously and indiscriminately.
Moreover, the capture of large number photos makes manual
review and curation of photos time-consuming and
unwieldy. Instead, certain implementations may perform
real-time sampling and preservation of frames that are most
likely to be interesting or useful to a user. Thus, a user may
be spared from having to winnow through an inordinate
amount of images to find quality photos.

Additional processing may be performed on the sampled
frames to generate automatically a diverse and comprehen-
sive summary of action. In some implementations, the
summary may be formatted according to characteristics of
the photo content. For example, a stack of frames may be
presented for sampled photos exhibiting general motion or
high sharpness; an animated .gif may be presented for
sampled photos exhibiting considerable specific motion or
blurriness. See for example, FIG. 3, which depicts illustra-
tions of two photo session summaries 300A-B, according to
an example implementation.

According to certain implementations, image data may be
collected by sampling frames from an available stream of
image data. For example, a camera application 255 of a
smartphone or other mobile computing device 200 may
present a live preview 235 based on a stream of data from
an image capture device 270. A plurality of photos may be
sampled from the corresponding live stream of image data
and a subset of the most interesting photos saved for later
presentation. In another implementation, Smart Burst may
initiate, without direction from a human user, capture of a
stream of images by an image capture device 270. Thus, a
stream of images may be obtained even if a live preview is
not presented by the camera application.

FIG. 4 depicts an illustration of a motion-interestingness
curve 500A and corresponding image-capture sample rate
500B, according to an example implementation. According
to certain implementations, a custom real-time motion inter-
estingness signal may function as a baseline for real-time
frame sampling or capture. For example, frame sampling
may be performed with a frequency proportional to an area
under a motion-interestingness curve 500A. In other words,
the more interesting the motion detected in recently sampled
images, the higher the frequency of sampling of subsequent
images. However, when a level detected motion lessens, the
sampling rate may slow to reduce processing and storage
costs. Thus, the sampling rate may be dynamically cali-
brated based on the running motion-interestingness measure.
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In some implementations, an indication that Smart Burst
is active may be provided through the camera application.
For example, an icon or widget may be displayed in the GUI
of the camera application, or a sound may be produced to
indicate a frequency of sampling. Accordingly, a user may
be provided with feedback of how interesting Smart Burst
considers a current scene in front of the camera.

According to certain implementations, another level of
filtering may select the more interesting photos from the
sampled frames. In some implementations, the more inter-
esting individual photos may be determined based on a
metric of static photo quality. The metric may be computed
from a combination of properties of an individual frame,
including, but not limited to blurriness, presence of faces,
facial expressions, illumination quality, image saliency and
various color diversity metrics. In some implementations, a
frame may be reduced in resolution or otherwise altered to
make the static photo quality determination less resource
intensive. In an example implementation, the determination
may be made based on a reduced-resolution copy of a photo,
with the original frame preserved if the copy is deemed
interesting enough.

According to certain implementations, after a photo ses-
sion has concluded or the camera application otherwise
determines a user would like to view interesting missed
photos, Smart Burst may perform yet another photo selec-
tion. When Smart Burst is configured to output a single
missed photo, an optimization of the quality of the selected
frame may be performed. Where the desired output is a
multi-picture artifact such as an animated gif, a collage of
pictures, or a stack of frames, the final optimization process
may involve removal of near duplicates or, more generally,
joint maximization of a quality and diversity of the selected
frames before the final output artifact is assembled. Various
techniques for maximizing the quality or diversity of a
content summary are known in the art and not discussed at
length herein.

FIG. 5 depicts a block diagram 500 of how Smart Burst
components may be integrated with or within a camera
application 255, according to an example implementation.
According to certain implementations, Smart Burst may
sample frames from an available image stream such as a
Camera Stream 510. In some such implementations, Smart
Burst may assume that a Camera Stream exists that serves
camera frames. In some implementations, a camera appli-
cation 255 may provide a live preview 235 based on the
Camera Stream. The Feature Extraction module 530 may
subscribe to the Camera Stream, and send extracted features
to the Feature Store 550.

Abuffer 520 may also subscribe to the Camera Stream. In
some implementations, the buffer may be a “ring” or “cir-
cular” buffer. Accordingly, the buffer may store the last n
timestamped frames. Thus the size of the buffer may be fixed
to constrain storage use. When a frame is about to be evicted
from the Ring Buffer 520, it may be sent to one or more
Frame Filters 540 that filter out any unnecessary frames. A
frame may be deemed unnecessary if it’s static photo quality
is below a certain threshold, or if the frame does not contain
any interesting features as determined during Feature
Extraction.

The remaining filtered frames may be then inserted into a
Frame Store 560. In some implementations, this store may
be limited in size, and communicate with Frame Selector
570 to determine which frames to evict from the store when
capacity is reached. A goal of the Frame Selector 570 is to
drop frames in a way that ensures the Frame Store always
contains a good summary of the image stream contents.
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Thus, unlike a FIFO structure like the Ring Buffer 520,
frames are not necessarily dropped in order of insertion, but
according to how important a frame is to the summary.

According to certain implementations, when it is deter-
mined a user is ready to review missed photos, the contents
of the Frame Store 560 may be analyzed and a resulting
image object (e.g., an animated .gif, a stack of frames, or
collage) summarizing the stream may be generated by the
Result Generator 580. For example, FIGS. 11-13 depict
autonomously generated photo session summaries 1100
1200 1300, according to an example implementation.

In some implementations, multiple summaries may be
generated. For example, two or more of a single selected
summary frame, a multi-frame collage, and an animated .gif
representation may be generated based on the same images
in the Frame Store. Accordingly, a user may be presented
with both summaries, and allowed to choose between them
by the Result Picker 590.

In some implementations, Smart Burst may activate
responsive to a camera application 255 being launched or
becoming active at a mobile computing device 200. In
another implementation, Smart Burst may activate respon-
sive to a stream of images becoming available. For example,
Smart Burst may activate when a live preview of a camera
application is active. In yet another implementation, Smart
Burst may activate responsive user interaction with the GUI
of the camera application. For example, Smart Burst may
activate responsive to a user input at the shutter button 175
of the camera application. Smart Burst may also deactivate
responsive to a second user input at the shutter button.
Accordingly, a photo summary may be generated including
content that was missed between the manual capture of two
photos. In still yet another implementation, Smart Burst may
be activated or deactivated by a dedicated button or Ul
widget.

FIG. 6 depicts a block diagram 600 of determining a
motion interestingness metric, according to an example
implementation. One problem addressed by certain imple-
mentations of Smart Burst is how to rate frames with regards
to motion interestingness. In some implementations, Smart
Burst may use one or more of a first metric for salient motion
(e.g., based on heterogeneous motion detected among cen-
ter-surround regions of a grid of cells) and a second metric
for explicitly tracking interest regions. Another possible
trigger for adjusting a sampling rate may be detected motion
of tracked faces and temporal variations in facial expres-
sions. Smart burst may take into account some or all of these
signals to generate a Motion Interestingness Metric, as
shown in FIG. 6.

According to certain implementations, Smart Burst may
output a single photo or frame that a photographer missed
manually capturing. However, a single photo may not be
enough to summarize missed action satisfyingly, especially
for prolonged periods of photographer inactivity. Thus,
some implementations may present a summary based on
multiple frames. However, presenting users with a stack of
forty frames they must manually pick from may be as
unsatisfying as providing only a single best missed shot.

A better output may be something like the manually
curated set of frames shown in FIG. 7, 700A, which captures
multiple important stages of the action in a concise way.
Note that the sampling and of important frames may be in
non-uniform in time, for example, with the temporal gap
between the frames A1-A2 being much smaller than the gap
between frames A2-A3, which in turn is also much smaller
than the gap between frames A3-Ad.
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According to certain implementations, a strong solution

should take into account at least some the following factors:

Dynamic quality: Was interesting/dramatic action taking

place at the moment when this particular frame was

taken? Instances of more dramatic action should ideally

be more densely represented than instances of less
dramatic action, as shown in sequence 700A.

Static quality: Are the individually selected frames, when
considered in isolation, good quality pictures, both
photometrically (i.e., in terms of blurriness, noise,
illumination quality, etc.) and content-wise (i.e., in
terms of faces, facial expressions, objects present,
location of tracked interest regions, framing, visual
saliency distribution, color diversity, etc.). The third
frame A3 in the sequence 700A may be an example of
a photo with good static quality; it shows the main
subjects of the action more clearly than any of the other
frames.

Diversity and coverage: Is each selected frame adding
important information to the final set of selected
frames; and conversely, are all important aspects of the
action covered by at least one of the selected frames?
In sequence 700A, the last frame A4 may not represent
exciting action in and of itself. However, inclusion of
the frame in the summary may be warranted because
the frame’s content is significantly different from the
other frames in the sequence. In this instance, the frame
adds a new piece of information about the action, i.e.,
after the goal, there was a celebration.

According to certain implementations, joint optimization
may be performed on all or some of these aspects. In some
implementations, a dynamic quality model and a static
quality model were trained for individual frames in bursts.
FIG. 8 depicts a flow diagram 800 of the combining of
quality optimization metrics, according to an example
implementation. As shown in FIG. 8, a plurality of frames,
for example, frames sampled during a detected period of
high-motion, may enter feature processing 820. Vision or
audio features may be extracted and passed to various
classifiers 840 850 860. Some or all of the classifiers may be
trained by machine learning to assess a quality of one or
more frames. In some implementations, the Static Quality
840 classifier may assess a single frame for static features.
The Dynamic Quality 850 classifier may assess groups of
frames. The Similarity Qualifier 860 may assess pairs of
frames.

In some implementations, Timeline Segmentation 870
analysis may be performed. Timeline segmentation may
minimize a specified cost function E(n), the cost of seg-
menting the first n frames into multiple clusters. Each cluster
may be composed of consecutive frames. A dynamic pro-
gramming algorithm may be used to solve this problem,
since the problem has the characteristics of optimal sub-
structure, i.e., once computed the optimal segmentation has
been computed of the first n frames, that partial segmenta-
tion may stay the same regardless how later frames are
segmented. In an example implementations, the computa-
tion of E(n) may be defined recursively as:

E(n)=min_{m\in (0,n-1)}E(m)+C(m,n) for m in
0,n-1)
where C(i,j) is the cost to create a new cluster from frame_i
to frame_j. C(i,j) is the sum of the content-dependent cost of
creating a new cluster boundary B(i, j) and a fixed penalty
for adding a new cluster. The current boundary cost function
B(i, j) is a weighted sum of two terms: (a) the least squares
residual of fitting two lines to the dynamic quality values in

10

20

25

30

35

40

45

50

55

60

65

12

the range, and (b) the inverse of the similarity between
frames 1 and j. This cost function encourages creation of
cluster boundaries between regions where the dynamic
quality curve is flat and regions where the dynamic quality
curve increases or decreases suddenly.

FIG. 7, 700B depicts another manually curated picture
collage, according an example implementation. As shown in
700B, many of the more effective use cases for Smart Burst
are those instances where one or a few main subjects move
in the field of view of the image capture device. In such
cases, the output sequence may likely be packaged into a
composite picture that highlights the main subject(s), as in
700B. For generating such image objects, the following
post-selection steps may be helpful:

Align and crop the selected frames, so as to keep the

relevant regions well framed;

Color match the selected frames, to eliminate spurious

variations; and

Assemble the selected frames into an optimum layout.
Experimental Results

FIG. 9 depicts a flow diagram of a method 900 for
autonomously collecting image data and generating photo
summaries based thereon, according to an example imple-
mentation. As shown in FIG. 9, the method 900 starts in
block 902, and, according to an example implementation,
includes responsive to activation of an image-capture appli-
cation, receiving, by a computing device, from an image
capture device, a live stream of image data. In block 904, the
method 900 includes storing, autonomously by the comput-
ing device, in a first buffer, while receiving the live stream
of image data, a set of images based on the live stream of
image data. In block 906, the method 900 includes identi-
fying, by the computing device, one or more predetermined
features among a subset of the set of images. In block 908,
the method 900 includes generating, by the computing
device, based on the subset of images, an image object
representing a summary of the stream of image data. In
block 910, the method 900 includes outputting, by the
computing device, for display at the display device, an
indication of the image object.

FIG. 10 depicts a flow diagram of another method 1000
for autonomously collecting image data and generating
photo summaries based thereon, according to an example
implementation. As shown in FIG. 10, the method 1000
starts in block 1002, and, according to an example imple-
mentation, includes receiving, by a computing device, from
an image capture device, a stream of image data. In block
1004, the method 1000 includes outputting, by the comput-
ing device, for display at a display device, a live preview
based on the stream of image data. In block 1006, the
method 1000 includes sampling, automatically by the com-
puting device, during the outputting of the live preview, a set
of images from the stream of image data, and storing the set
of images in a first buffer. In block 1008, the method 1000
includes identifying, by the computing device, one or more
predetermined features among a subset of the set of images.
In block 1010, the method 1000 includes generating, by the
computing device, based on the subset of images, an image
object representing a summary of the stream of image data.
In block 1012, the method 1000 includes outputting, by the
computing device, for display at the display device, an
indication of the image object.

It will be understood that the various steps shown in
FIGS. 9-10 are illustrative only, and that steps may be
removed, other steps may be used, or the order of steps may
be modified.
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Certain implementations of the disclosed technology are
described above with reference to block and flow diagrams
of systems and methods and/or computer program products
according to example implementations of the disclosed
technology. It will be understood that one or more blocks of
the block diagrams and flow diagrams, and combinations of
blocks in the block diagrams and flow diagrams, respec-
tively, may be implemented by computer-executable pro-
gram instructions. Likewise, some blocks of the block
diagrams and flow diagrams may not necessarily need to be
performed in the order presented, or may not necessarily
need to be performed at all, according to some implemen-
tations of the disclosed technology.

These computer-executable program instructions may be
loaded onto a general-purpose computer, a special-purpose
computer, a processor, or other programmable data process-
ing apparatus to produce a particular machine, such that the
instructions that execute on the computer, processor, or other
programmable data processing apparatus create means for
implementing one or more functions specified in the flow
diagram block or blocks. These computer program instruc-
tions may also be stored in a computer-readable memory that
may direct a computer or other programmable data process-
ing apparatus to function in a particular manner, such that
the instructions stored in the computer-readable memory
produce an article of manufacture including instruction
means that implement one or more functions specified in the
flow diagram block or blocks. As an example, implementa-
tions of the disclosed technology may provide for a com-
puter program product, comprising a computer-usable
medium having a computer-readable program code or pro-
gram instructions embodied therein, said computer-readable
program code adapted to be executed to implement one or
more functions specified in the flow diagram block or
blocks. The computer program instructions may also be
loaded onto a computer or other programmable data pro-
cessing apparatus to cause a series of operational elements
or steps to be performed on the computer or other program-
mable apparatus to produce a computer-implemented pro-
cess such that the instructions that execute on the computer
or other programmable apparatus provide elements or steps
for implementing the functions specified in the flow diagram
block or blocks.

Accordingly, blocks of the block diagrams and flow
diagrams support combinations of means for performing the
specified functions, combinations of elements or steps for
performing the specified functions and program instruction
means for performing the specified functions. It will also be
understood that each block of the block diagrams and flow
diagrams, and combinations of blocks in the block diagrams
and flow diagrams, may be implemented by special-purpose,
hardware-based computer systems that perform the specified
functions, elements or steps, or combinations of special-
purpose hardware and computer instructions.

While certain implementations of the disclosed technol-
ogy have been described in connection with what is pres-
ently considered to be the most practical and various imple-
mentations, it is to be understood that the disclosed
technology is not to be limited to the disclosed implemen-
tations, but on the contrary, is intended to cover various
modifications and equivalent arrangements included within
the scope of the appended claims. Although specific terms
are employed herein, they are used in a generic and descrip-
tive sense only and not for purposes of limitation.

This written description uses examples to disclose certain
implementations of the disclosed technology, including the
best mode, and also to enable any person skilled in the art

10

15

20

25

30

35

40

45

50

55

60

65

14

to practice certain implementations of the disclosed tech-
nology, including making and using any devices or systems
and performing any incorporated methods. The patentable
scope of certain implementations of the disclosed technol-
ogy is defined in the claims, and may include other examples
that occur to those skilled in the art. Such other examples are
intended to be within the scope of the claims if they have
structural elements that do not differ from the literal lan-
guage of the claims, or if they include equivalent structural
elements with insubstantial differences from the literal lan-
guage of the claims.

We claim:

1. A method comprising:

responsive to activation of an image-capture application,

receiving, by a computing device, from an image
capture device, a live stream of image data;

storing, autonomously by the computing device, in a first

buffer, while receiving the live stream of image data, a
set of images based on the live stream of image data;
selecting, by the computing device, a subset of images
from the set of images stored in the first buffer to
include as part of an image object representing a
summary of the live stream of image data based on a
determination that at least one image in the subset of
images exceeds a predetermined sharpness threshold;
generating, by the computing device, based on the subset
of the set of images, the image object representing the
summary of the live stream of image data; and

outputting, by the computing device, for display at a

display device, an indication of the image object.

2. The method of claim 1, further comprising:

identifying, by the computing device, one or more pre-

determined features among the subset of the set of
images;

wherein the one or more predetermined features among

the subset of images includes at least one of sharpness,
presence of faces, facial expressions, illumination qual-
ity, image saliency, motion saliency, and color diver-
sity.

3. The method of claim 1, wherein the subset of images
is stored in a second buffer, and responsive to a number or
size of images in the subset of images reaching a predeter-
mined threshold, determining, based on predetermined cri-
teria, a least important image in the subset of images to the
summary of the stream of image data, and removing the least
important image from the subset of images to provide room
for a new image to be added to the subset of images.

4. The method of claim 2, wherein:

storing the set of images in the first buffer comprises

storing, at a first resolution, a first image of the set of
images; and

wherein identifying the of one or more predetermined

features among the subset of images is based on
analyzing a version of at least one image of the subset
of images at a second resolution less than a first
resolution.

5. The method of claim 1, wherein the autonomously
storing is automatically initiated responsive to activating an
image-capture application.

6. The method of claim 1, wherein the first buffer is a
circular buffer, and the stream of image data exceeds a size
of the circular buffer.

7. The method of claim 6, wherein the size of the circular
buffer corresponds to approximately three seconds or less of
the stream of image data.

8. A computer program product comprising a non-transi-
tory computer readable medium that stores instructions that,
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when executed by a computing device, cause the computing
device to perform a method comprising:

receiving, by the computing device, from an image cap-

ture device, a stream of image data;

outputting, by the computing device, for display at a

display device, a live preview based on the stream of
image data;

storing, autonomously by the computing device, in a first

buffer, during the outputting of the live preview, a set
of images from the stream of image data;
selecting, by the computing device, a subset of images
from the set of images stored in the first buffer to
include as part of an image object representing a
summary of the live stream of image data based on a
determination that at least one image in the subset of
images exceeds a predetermined sharpness threshold;

generating, by the computing device, based on the subset
of images, the image object representing the summary
of the stream of image data; and

outputting, by the computing device, for display at the

display device, an indication of the image object.

9. The computer program product of claim 8, wherein the
outputting of the indication of the image object is responsive
to stopping the outputting of the live preview.

10. The computer program product of claim 8, wherein
the outputting of the indication of the image object is
responsive to receiving user input corresponding to an image
capture command.

11. The computer program product of claim 8, wherein the
autonomously storing is initiated responsive to receiving
first user input corresponding to an image-capture com-
mand.

12. The computer program product of claim 11, wherein
the autonomously storing is concluded responsive to receiv-
ing second user input corresponding to an image-capture
command.

13. A system comprising:

a computing device;

an image capture device in communication with the

computing device;

at least one memory operatively coupled to the computing

device and configured for storing data and instructions
that, when executed by the computing device, cause the
computing device to perform a method comprising:
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receiving, by a computing device, from an image
capture device, a stream of image data;

outputting, by the computing device, for display at a
display device, a live preview based on the stream of
image data;

sampling, automatically by the computing device, dur-
ing the outputting of the live preview, a set of images
from the stream of image data, and storing the set of
images in a first buffer;

selecting, by the computing device, a subset of images
from the set of images stored in the first buffer to
include as part of an image object representing a
summary of the live stream of image data based on
a determination that at least one image in the subset
of' images exceeds a predetermined sharpness thresh-
old;

generating, by the computing device, based on the
subset of images, the image object representing the
summary of the stream of image data; and

outputting, by the computing device, for display at the
display device, an indication of the image object.

14. The method of claim 13, wherein a rate of the
sampling is based on a running measure of motion associ-
ated with a plurality of images previously sampled from the
image stream.

15. The method of claim 14, wherein the rate of the
sampling is proportional to an integral of the running
measure of motion.

16. The system of claim 15, wherein the image object is
at least partially embodied in an animation.

17. The system of claim 16, wherein the generating the
image object is based on determining the subset of images
exceeds at least one of a predetermined blurriness threshold
and predetermined specific motion threshold.

18. The system of claim 15, wherein the image object is
at least partially embodied in a concurrent display of a
plurality of still images.

19. The system of claim 13, wherein the generating the
image object is further based on determining the subset of
images exceeds a predetermined general motion threshold.

20. The system of claim 15, wherein the image object
comprises a single image.
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